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SEEM (Anomaly Detection) FEEN

Anomaly!!

a-nom-a-ly
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noun

1. something that deviates from what is standard, normal, or expected.

IR ANEEERMEN (Outlier Detection)
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"Give 4 man a fish dand you
feed him for a day. Teach 4
man to fish dnd you feed him

for a lifetime."

- Chinese Proverb
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_le-T-]*'tei Anomaly detection: A survey
V Chandola, A Banerjee, V Kumar - ACM computing surveys (CSUR), 2009 - dl.acm.org
Abstract Anomaly detection is an important problem that has been researched within diverse

research areas and application domains. Many anomaly detection techniques have been
specifically developed for certain application domains, while others are more generic. This

Y% YY Cited by 4705 Related articles All 36 versions

i

Intrusion detection: A survey
F Sabahi, A Movaghar - Systems and Networks ..., 2008 - ieeexplore.ieee.org

.. presents a taxonomy of intrusion detection systems that is then used to survey and classify ... This
method works by using the definition “anomalies are not normal ... There are many anomaly detection
that proposed algorithms with differences in the information used for analysis and ...

v YY Cited by 117 Related articles All 4 versions
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1 in24.inetnebr.com - - [01/Aug/1995:00:00:01 -0400] "GET /shuttle/missions/sts-68/news/sts-68-mcc-05
2 uplherc.upl.com - - [01/Aug/1995:00:00:07 -0400] "GET / HTTP/1.0" 304 0

3 uplherc.upl.com - - [01/Aug/1995:00:00:08 -0400] "GET /images/ksclogo-medium.gif HTTP/1.0" 304 @
4 uplherc.upl.com - - [01/Aug/1995:00:00:08 -0400] "GET /images/MOSAIC-logosmall.gif HTTP/1.0" 304 0
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$SAEGERY (Feature Scaling)
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« http—0
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 ssh=2 e 7 B R A ?
Distance("http", "ssh") > Distance("http", "ftp")
One-Hot #z#3: S T HERIIEE X R

« http — [1,0,0]
« ftp — [0,1,0]
« ssh — [0,0,1]
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Malic Acid

Alcohol and Malic Acid content of the wine dataset

®e Input scale
6 Standardized [V u=0, o=1)]
min-max scaled [min=0, max=1])

4 .. ’;°\
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-5 0 5 10 15
Alcohol

The impact of Standardization and Normalisation on the Wine dataset
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x: TYERSIE (1, 2, ..., 12)

y: BERRATE] (1, 2, ..., 12) Income(x, y) = Work(x) + Sleep(y)
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Important parameter |mp0rtant parameter
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NTERRAATA (=)

t =2

bjective f :
observation (x) objective fn (f(-))

V¥ acquisition max

\ acquisition function (u())
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posterior uncertainty
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posterior mean (u(-))
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{RBYERE (Model Serving)
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« KMeans — Streaming Kmeans

TR T EESCRT T
« Amazon SageMaker
« TensorFlow Serving
e Azure Machine Learning
« Kubeflow #rfy ML {RBIZRE
« MLflow Model Serving on Databricks
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